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Abstract

Artificial Intelligence (Al) is transforming modern workplaces by offering opportunities
to enhance employee well-being while simultaneously introducing significant
challenges. Although scholarly interest in the intersection of Al and well-being is
growing, empirical research in this domain remains limited and underdeveloped. This
study's primary objective was to assess the current knowledge in this domain, with a
secondary aim of identifying critical research gaps to inform future investigations.
Adhering to PRISMA guidelines, this systematic literature review analysed 23 empirical
studies published between 2015 and 2025, sourced from the Lens.org and ProQuest
databases and was guided by the Job Demands Resources (JD—R) model. Keyword co-
occurrence analysis using VOSviewer revealed five dominant themes: (1) Tech-induced
stress, (2) Al-driven success, (3) Mental resilience, (4) Digital boundaries, and (5)
Emotional wellness. The density visualisation map highlighted significant gaps in the
existing literature. Despite increasing scholarly attention, the review reveals that
significant empirical gaps still remain in the literature. By synthesising current
knowledge and identifying critical research gaps, this review offers practical insights for
developing human-centred Al strategies and establishes a research agenda for advancing

employee well-being in increasingly digital workplaces.
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1.0 Introduction

Artificial Intelligence (AI) is a specialised field within computer science focused on
developing computational systems that can perform tasks typically requiring human
cognitive abilities, such as learning, reasoning, and understanding information (Yang,
2022). At its core, Al seeks to enable machines to exhibit intelligent behaviour
comparable to that of humans (Dwivedi et al., 2019). In today's society, Al is exerting a
profound and multifaceted impact, offering both promising opportunities and posing
significant challenges depending on how it is implemented and governed (Angelova,
2024). While there is growing enthusiasm about its potential, valid concerns remain
regarding its broader implications. Nevertheless, Al has already demonstrated its
capacity to enhance job performance and boost productivity across industries such as
manufacturing, finance, healthcare, retail, and logistics (Abusalma, 2021). For instance,
in the healthcare sector, Al plays a vital role in detecting diseases at an early stage, aiding
in treatment strategies, and interpreting medical images like X-rays and CT scans,
leading to quicker and more precise diagnoses (Saxena et al., 2024). In the workplace,
Al offers numerous benefits by automating routine, repetitive tasks and labour-intensive
tasks, thereby enabling employees to focus on more innovative and meaningful activities
(Morandini et al., 2023). Al-powered tools like virtual assistants and chatbots help ease
the burden of excessive workloads, improving task management and efficiency (Nagbi

et al., 2024).

Predictive analytics further supports these efforts by facilitating personalised
employee development by enabling data-driven, personalised training and targeted well-
being programs (Mittal et al., 2024). Collectively, these developments show how Al can
enhance task efficiency and promote a healthier work-life balance. However, despite
these positive outcomes, there is also growing empirical evidence that Al can negatively
impact employee well-being (Hornung & Smolnik, 2021; Mirbabaie et al., 2021;
Wilkens, 2020). Studies have identified several challenges linked to Al, such as unfair
decision-making caused by biased systems (Zafar et al., 2015), weaknesses that make Al
tools prone to failure or misuse (Boddington, 2017; Christian, 2021; Stoyanova et al.,
2020), risks related to harmful or unethical applications (Boddington, 2017), concerns
about data protection (Boddington, 2017; Christian, 2021), and the threat of job
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displacement (Frey & Osborne, 2016). Automation, while boosting productivity, can
contribute to job insecurity, mental stress, and feelings of workplace instability,
especially when communication and change management are inadequate (Ali et al.,

2024).

Therefore, understanding the concept of employee well-being in this context is
crucial. Rather than being viewed through a narrow lens, employee well-being should be
recognised as a multidimensional concept that encompasses physical and mental health,
happiness, job satisfaction, and life fulfilment (Pradhan & Hati, 2019). Prioritising this
broader definition of well-being is essential, as it directly influences employee
motivation, engagement, productivity, and long-term career development (Guares,
2025). The rapid digital transformation of workplaces led by Al technologies
(automation systems, predictive analytics, and performance platforms) has redefined
how employees experience work (Jarrahi et al., 2022). While these innovations can
reduce operational burdens and streamline tasks, they also introduce new complexities
that can influence emotional health, interpersonal dynamics, and work identity (Dhand
et al., 2025). Therefore, it is imperative that organisations implement Al in a balanced
and ethical manner that aligns with human-centred design and the goal of creating

meaningful, inclusive, and sustainable workplaces.

Given these complex and often conflicting effects, examining the influence of Al
on employee well-being has become increasingly important for both organisational
leaders and policymakers striving for ethical and sustainable technology integration.
Despite the growing body of research in this domain, there remains a notable absence of
a systematic synthesis that comprehensively examines empirical studies addressing both
the beneficial and adverse effects of Al on employee well-being over a defined study
period. Although very few papers have addressed similar topics, the paper is significant
as it utilises the JD-R model to investigate Al and employee well-being relationships
across diverse global contexts, whereas previous studies focus mainly on Western
settings or lack a guiding theoretical framework. Unlike prior studies, including Garcia-
Madurga et al. (2024) and Soulami et al. (2024), the review identifies five thematic
clusters and highlights key empirical gaps, offering a clear agenda for developing human-

centred Al strategies. By synthesising existing evidence and identifying key gaps, the
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study provides actionable insights for developing supportive, well-being-oriented

workplaces enhanced through Al integration.

In line with this, the study aims to pursue two primary objectives: (1) to identify
the current knowledge relating to Al and employee well-being, and (2) to uncover gaps
within the current literature that can inform and direct future research efforts. To fulfil
these aims, a systematic literature review (SLR) was conducted, encompassing twenty-
three empirical studies published between 2015 and 2025. The significance of the first
objective lies in its potential to identify key variables that organisations and policymakers
must consider when considering Al in the workplace, thereby reinforcing the practical
relevance and applicability of the findings in real-world contexts. The second objective
contributes by offering conceptual directions for future scholarly research, facilitating
further empirical exploration and theoretical refinement. Collectively, the study's
findings enhance academic understanding and support the development of robust
frameworks for evaluating the impact of Al technologies on employee well-being in
contemporary organisational environments. The subsequent sections of this paper
delineate the methodological approach applied to collect and interpret data. Following
this, an interpretation of the results is presented through bibliometric analysis,
incorporating a summary of findings derived from VOSviewer mapping. The essay
concludes by synthesising the core insights, outlining their practical relevance, and

proposing directions for future scholarly investigations.

2.0  Methodology

To ensure a rigorous and transparent review process, this study followed a predefined
protocol outlining the inclusion and exclusion criteria, along with the analytical methods
to be applied (Yang et al., 2016). As the SLR was adopted, the entire process was guided
by the Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA)
guidelines (Page et al., 2021), which provided a structured framework for identifying,
selecting, and synthesising relevant empirical studies. While systematic reviews in the
social sciences often lack a universally accepted standard and are frequently guided by

narrative or less formal approaches (Popay et al., 2006; Sharif et al., 2018), this study
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deliberately applied PRISMA flowchart procedures to enhance objectivity and maintain

a systematic approach throughout the article selection process.

The article selection process strictly adhered to the PRISMA flow diagram's four
stages: identification, screening, eligibility, and inclusion. The initial identification phase
centres on the specific databases, search terms, and criteria used. For this research, the
article search was conducted using the Lens.org and ProQuest databases. The search
strategy for this study involved a combination of specific terms: "artificial intelligence,"

"AI", "employee well-being," "workplace well-being," "mental health," "job

nn nmn nn

satisfaction," "work stress," "employee experience", "organisation", and "workplace".
Further, the study used the "AND" operator to connect different concepts and the "OR"
operator for synonyms or closely related terms. This approach led to the identification of

37 articles from the Lens.org database and 22 articles from the ProQuest database.

Upon collecting relevant data, such as article titles, abstracts, keywords, author
details, journal titles, citation counts, and publication years, the researcher organised it
within a Microsoft Excel spreadsheet. Duplicates were then systematically identified and
removed. The screening stage subsequently involved filtering the articles that did not
satisfy the established inclusion criteria (Priyashantha et al., 2022). The inclusion criteria
for this study were empirical research articles found in academic journals, written in
English, pertinent to the main subjects, and published between 2015 and 2025. This paper
focused on empirical journal articles because they enhanced credibility due to strict peer-
review processes. The chosen period, extending from 2015 to 2025, was vital for

capturing recent significant developments and ensuring a thorough, up-to-date analysis.

The screening process incorporated both automated and manual methods,
alongside steps for retrieval and eligibility verification. Automated screening primarily
relied on the default limiting functions of the databases, applying filters for the 2015-
2025 publication range and English language. Conversely, document types like
conference papers, book chapters, and preprints were not considered. After the initial
screening, the researcher of this study performed an independent manual review of the
articles, primarily using abstracts to guide their decisions. This stage involved the

removal of qualitative case studies, qualitative reviews, and articles not relevant to the
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research topic, leaving 30 articles. Past studies using qualitative methods focusing on
subjective experiences, perceptions, and contextual factors were not included to ensure
methodological consistency (Arifin, 2018). The review relied solely on quantitative
research, as it offers measurable, statistically comparable, and generalizable findings.
The subsequent step was to retrieve the full texts of these articles. An eligibility check,
which focused on evaluating methodological quality, was then initiated. Independent
assessment of each article's methodology section by the researcher led to the removal of
two articles due to inadequately explained methodologies and analyses. The complete
article selection procedure is presented in Figure 1. A final set of 23 papers was included

in the review for discussion and agreement.

) Articles identified (n=90) Non-relevant articles are excluded automatically. (n=20)
g Lens org databases (n =37) Excluded by year (Included all studies from 2015 to 2025)
‘§ ProQuest database (n =22) Excluded by subject area (Included all)

E
E Excluded by Document type (Conference paper(n=7),
o . = = i =
K=} Duplicates removed (n=3) Book Chapter (n=3) Books(n=5), Preprint (n=3)
Excluded by Keywords (included all)
. Excluded by Language(non-English-n=1)
Articles screened (n = 56)
Non-relevant articles excluded manually (n=6)
= Qualitative case studies (n =1), Qualitative reviews (n
= Articles sought for retrieval =3), Out of the topic (n=2)
=
@
g (n=30)
(2]
Reports not retrieved (n =5)
Articles assessed for eligibility
(n=25) Non-relevant articles excluded (n=2)
Methodology and the analysis were not
)
explained(n=2)
]
)
v . .
% Articles included
i=
(n=23)
——

Note (s): Search Algorithm; "artificial intelligence," OR "AI", “AND" “employee well-
being", OR "workplace well-being", OR "mental health", OR "job satisfaction", OR
"work stress", OR "employee experience", AND "organization", OR "workplace."

Figure 1: Prisma Flow Chart used for Article Selection

Source: Author (2025)
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However, the review was conducted primarily by a single person for both the
screening and coding of articles. While this could increase the potential for bias, the
researcher took steps to minimise subjectivity. The researcher established rigorous and
well-defined criteria for including and excluding studies and carefully documented the
decision-making process. Descriptive analysis of the selected articles was conducted
using the Biblioshiny interface, which allowed for a comprehensive overview of
publication trends and patterns. For literature analysis, VOSviewer software was
employed to generate both keyword co-occurrence and density visualisation maps.
VOSviewer is particularly effective in identifying relationships between keywords by
clustering closely related terms and using distinct colours to distinguish between
thematic groups (Husaeni & Nandiyanto, 2021). Each cluster represents a shared theme,
enabling a systematic exploration of key topics across the reviewed studies. This
analytical approach directly addressed the study's first objective by revealing the main
areas of focus related to Al and employee well-being, as keywords typically reflect the
central themes of scholarly work. To address the second objective and identify research
gaps, a density visualisation map generated through keyword co-occurrence analysis was
employed. Based on the VOSviewer manual, keyword density on the item density
visualisation map is represented using a colour gradient, typically blue, green, and red.
The colour shifts toward red in areas with a higher concentration of closely related
keywords, indicating greater weight at that position (Priyashantha & Chandradasa,
2023).

3.0 Results and Discussion

This section is mainly organised to present the results of the systematic literature review
and analyse them. It primarily consists of two sections: descriptive analysis and literature

classification.
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3.1 Descriptive Analysis

The review analysed 23 articles, with their bibliometric data presented in Table 1 and
other preliminary details, including the total number of included articles, in Table 2.
These 23 publications were notably spread across 23 different journals from various
countries. Figure 2 illustrates the yearly distribution, showing that empirical studies on
Al and employee well-being have been consistently published since 2021, within the
review's ten-year scope. Specifically, at least one empirical study was conducted each
year between 2021 and 2025, with a significant increase in publications observed in 2024.
In total, 70 authors contributed to these articles. The articles reviewed contained a total
of keywords and cited 1145 references. Figure 2 details the annual article production
between 2015 and 2025, indicating that most articles were published in 2024, followed
by a decrease in 2025. Figure 3 illustrates the average yearly citations for research on Al
and employee well-being, highlighting 2023 as the year with the highest number of
citations received. However, article production also declined again in 2025. Figure 5
presents the country-wise article production, where Pakistan, China and India have
demonstrated a substantial research output in the domain of Al and employee well-being.
Korea and Indonesia are also significant contributors, each having produced two studies
within the period under review. Additionally, individual studies have been conducted in

the United Kingdom, Canada, Ghana, Sri Lanka, Bangladesh, and Kenya.

Table 1: Articles Included for the Study

Author/s Title

Gull et al. (2023) Al in the Workplace: Uncovering its impact on employee
well-being and the role of cognitive job insecurity

Soomro et al. (2024) Al adoption: A bridge or a barrier? The moderating role
of organisational support in the path toward employee
well-being

Havaei et al. (2021) Identifying the most important workplace factors in
predicting nurse mental health using machine learning
techniques

Aulia et al. (2024) Embracing the digital shift: Leveraging Al to foster

employee well-being and engagement in remote
workplace settings in the Asia Pacific region.
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Author/s

Title

Farzana et al. (2024)

Ali et al. (2024)

Emilisa et al. (2023)

Viskova-Robertson (2024)

Khan et al. (2022)

Xu et al. (2024)

Arbor et al. (2025)

Nguyen et al. (2025)

Perera (2025)

Haque et al. (2025)

Kaaria (2024)

Rhee and Jin (2021)

Ghose et al. (2024)

Mahmood et al. (2025)

Mahmood et al. (2025)

The impact of artificial intelligence opportunities and the
perceived risk of unemployment on employee workplace
well-being

Examine how the rise of Al and automation affects job
security, stress levels, and mental health in the workplace

Job satisfaction, perception of corporate social
responsibility, organisational trust, artificial intelligence,
employee performance of employees at RS An-Nisa
Group Tangerang

The Al effect: transforming workplace well-being? An
empirical insight through socio-technical frame
Predicting mental health of best human capital for
sustainable organisation through psychological and
personality health issues: shift from traditional to novel
machine learning-supervised technique approach

The relationship of artificial intelligence opportunity
perception and employee workplace well-being: A
moderated mediation model

From fear to empowerment: the impact of employees' Al
awareness on workplace well-being - a new insight from
the JD-R model

Generative Al in the workplace: How employee
experiences influence work outcomes?

Influence on employee productivity and job satisfaction
in the dynamics of human-Al collaboration in modern
work environments among service sector organisations in
Sri Lanka

Exploring the relationship between job satisfaction,
workplace Al use, and retention

Artificial intelligence and employee well-being:
balancing technological progressions with human-centric
workplace strategies, a research agenda

The effect of job anxiety of replacement by artificial
intelligence on organisational members' job satisfaction
in the 4th industrial revolution era: the moderating effect
of job uncertainty

Advancing organisational effectiveness: Understanding
the influence of 360-degree feedback, organisational
climate, and job satisfaction on employee performance
through Al integration

Al and employee wellbeing: how artificial intelligence
can monitor and improve mental health in the workplace
HR tech and employee experience: Exploring the role of
Al, automation, and people analytics in modern
workplaces
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Author/s

Title

Gill et al. (2024)

Xu et al. (2024)

Kim and Lee (2024)

Huo et al. (2025)

Investigating emotional intelligence and employees'
well-being in an Al-enhanced workplace

Working with AI: The impact of organisational
intelligent service strategy on employees' perception of
career achievement

The mental health implications of artificial intelligence
adoption: The crucial role of self-efficacy

When healthcare professionals use Al: Exploring work
well-being through psychological needs satisfaction and
job complexity

Source: Author (2025)

Table 2: Descriptive Summary of the Reviewed Articles

Descriptive Results

Timespan 2021:2025
Sources (Journals, Books, etc.) 23
Documents 23
Annual Growth Rate % 31.61
Document Average Age 1.22
Average citations per doc 2.348
References 1145
Author's Keywords (DE) 84
Authors 70
Journal Article 23
Country 13

Source: Author (2025)
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Figure 2: Annual Article Production

Source: Author (2025)

Citations
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Figure 3: The Frequency of Citations on a Yearly Basis

Source: Author (2025)
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The review showed that while many studies lacked an explicit theoretical basis,
the JD-R model was the most common among those that did. The JD-R model explains
well-being by dividing workplace factors into job demands, components that need
continuous effort and can cause strain and job resources factors that aid in achieving
goals, ease demands, or foster personal growth (Bakker et al., 2022). In the context of
Al the model highlights how technology can simultaneously raise job demands (such as
new challenges and monitoring) and enhance job resources (such as automation and
decision-making support). This balance ultimately shapes whether Al's influence on
employee well-being is positive or negative. This review adopts the JD-R model as its
primary interpretive framework, systematically applying its concepts to assess how Al-
driven changes in workplace demands and resources affect employee well-being across

varied organisational contexts.

Table 3: Theories Applied in the Reviewed Papers

Theory Applied Authors
Social identity theory Gull et al. (2023)
Structural empowerment theory Havaei et al. (2021)
Social-technical theory Viskova-Robertson (2024)
Transactional theory of stress Farzana et al. (2024)
Task-technology fit theory Aulia et al. (2024),
Computational learning theory Khan et al, (2022)
Job demands-resources model Arbor et al. (2025), Kim and Lee (2024)
Self-Perception theory Xu et al. (2024)
Social cognitive theory Kim and Lee (2024)
Self-Determination theory Huo et al. (2025)

Source: Author (2025)

3.2 Literature Analysis

This section details the research objectives of the study. The primary objective was
performed using keyword analysis and identified the principal research areas, with co-
occurrence patterns serving to identify distinct fields of study. The prevalence of a
keyword's appearance in the literature was taken as a proxy for its degree of exploration.

Through an iterative process using VOSviewer, the number of keywords was
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incrementally expanded to pinpoint the most frequently researched terms. Ultimately, 84
keywords encompassing all terms with at least a single occurrence were designated as

the analytical threshold, forming the basis for the subsequent review and interpretation.

The VOSviewer-generated keyword co-occurrence network visualisation is
presented in Figure 6. On this map, circles represent individual keywords employed
across the studies. The connections between these keyword circles depict the associations
or relationships between them. Furthermore, a circle's size on the map is proportional to
the frequency of that keyword's occurrence within the various studies; larger circles
denote higher incidence (Priyashantha et al., 2022). Notably, "artificial intelligence"
appears as the largest circle, indicating its highest frequency in the research. This finding
is consistent with its inclusion as a primary search term in our investigation. The diverse
colouring of the circles within the visualisation map further indicates the organisation of
keywords into discrete categories. Every combination of these keywords comes together
to create a single theme. Assigning a theme to each cluster helps summarise its core
Source: concept and clearly reveal the dominant topics and structure within the broader
research area. As per Figure 6 and further elaborated in Table 4, a total of six prominent
clusters of interconnected keywords were identified. Each of these clusters represents a
distinct theme, specifically encompassing: (1) Tech-induced stress; (2) Human-machine
interaction and career fulfilment; (3) Mental resilience; (4) Digital boundaries; and (5)

Emotional wellness.

Table 4: Clusters of Keywords

Cluster Theme Keywords

Cluster 1 1 Anxiety, Automation, Burnout, Job security, Technostress,
Workplace stress

Cluster 2 2 Artificial Intelligence, Career achievement, Employee well-being

Cluster 3 3 Artificial intelligence adoption, Mental health, Self-efficacy theory,
Work environment factors

Cluster 4 4 Al monitoring, Data privacy, Stress management, Workplace
innovation

Cluster 5 5 Emotional intelligence, Employees' health, Employees' well-being

Author (2025)
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Cluster 1: Tech-Induced Stress

The integration of Al technologies into the workplace has profound implications for
employee well-being. Soomro et al. (2024) suggest that the early stages of Al adoption
often provoke heightened levels of anxiety, burnout, technostress, and workplace stress,
primarily driven by uncertainty, fear of change, and loss of control. To address these
concerns, supervised Al models such as support vector machines, decision trees, logistic
regression, and neural networks have been employed, which can predict and mitigate
psychological strain by analysing personality traits and work patterns (Wei & Li, 2022).
However, Ali et al. (2024) identified that the perceived risk of job displacement and skill
obsolescence due to automation remains a critical driver of job insecurity and emotional
distress. This effect is particularly pronounced among employees already facing unstable
employment conditions, compounding their anxiety and diminishing overall job
satisfaction (Viskova-Robertson, 2024). Jangid (2024) and Rhee and Jin (2021) indicated
that Al does not directly cause burnout, but rather contributes indirectly through its
impact on job stress, which acts as a mediating factor leading to emotional exhaustion
and disengagement. Overall, Al adoption can both increase stress through anxiety, job
insecurity, and technostress and reduce stress when implemented with supportive, well-
designed strategies. This dual effect depends on how Al is introduced and perceived by
employees, highlighting the importance of psychologically informed implementation to

safeguard employee well-being.

Cluster 2: Human-Machine Interaction and Career Fulfilment

Studies within this cluster investigate how Al integration reshapes employees'
perceptions of career achievement, a key dimension of employee well-being.
Specifically, the transition from human-human to human-machine interaction, often
driven by Al systems, has been found to reduce employees' sense of career progress and
fulfilment, particularly when it lacks a collaborative or integrative intelligence approach
(Sathish et al., 2024; Xu et al.,, 2024). This reduction is attributed to diminished
interpersonal engagement, reduced feedback, and fewer opportunities for visible

contributions in team settings. Xu et al. (2024) highlight that the organisational
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innovation climate plays a crucial moderating role in this relationship, where a supportive
innovation climate can buffer the negative impact of increased human-machine
interaction by promoting adaptive strategies, collaborative technologies, and employee
empowerment, thereby preserving or even enhancing perceived career achievement.
Thus, while Al may challenge traditional pathways of career satisfaction, building an
innovative culture within the organisation can mitigate these challenges and help sustain

employee well-being in technologically evolving work environments.

artificialintelligence
mentalhealth &’ 8

Figure 6: The Keyword Co-occurrence Visualisation Map

Source: Analysed Data (2025)
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Cluster 3: Mental Resilience

This cluster emphasises the significant psychological impact of AI adoption on
employees, with particular concern for mental health outcomes such as increased anxiety,
stress, and burnout. While the integration of AI technologies may initially pose
psychological risks, recent studies suggest that Al can also serve as a resource for
promoting well-being when leveraged appropriately (Ali et al., 2024; Kim & Lee, 2024).
For example, Al-enabled mental health tools, including real-time stress monitoring and
personalised wellness programs, have shown promise in mitigating adverse effects and
enhancing overall mental resilience (Ali et al., 2024; Kim & Lee, 2024). Kim and Lee
(2024) explain this dynamic using the framework of Self-Efficacy Theory. Employees
with higher self-efficacy in Al learning, that is, feeling capable of working with and
adapting to Al, experience less job-related stress even in high-tech environments. This
suggests that self-efficacy moderates the relationship between Al adoption and negative

well-being outcomes.

Havaei et al. (2021) have identified that work environment factors play a
critical role in shaping how Al affects employee well-being. Supporting these findings,
Soomro et al. (2024) emphasise that a transparent, supportive, and innovation-oriented
workplace climate can buffer the psychological risks associated with Al and promote
positive outcomes. Organisations that prioritise collaborative Al implementation and
invest in building employee digital confidence tend to foster greater mental resilience
among their workforce. Overall, the literature in this cluster highlights that Al adoption
has a significant and dual impact on employee mental health, posing risks when poorly
managed, but increasing well-being support when implemented thoughtfully with

attention to self-efficacy and work environment design.

Cluster 4: Digital Boundaries

This cluster explores the psychological and organisational consequences of Al
monitoring in the workplace, particularly its effects on employee stress, data privacy

concerns, and overall well-being. While Al-driven monitoring systems are widely
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implemented to enhance productivity and operational control, research highlights their
unintended psychological costs (Jangid, 2024). Specifically, employees often experience
heightened stress and anxiety due to actual or perceived invasions of privacy, which can
lead to emotional strain and reduced trust in organisational practices (Han & Yang, 2018;

Jangid, 2024; Murdoch, 2021).

Perera (2025) identified that the organisational context plays a moderating role
in how these effects manifest. A workplace culture characterised by transparency, ethical
Al implementation, and collaborative innovation can help mitigate surveillance-related
stress. Findings reveal that when employees are included in the decision-making process
and clearly understand how monitoring tools are used, they show greater readiness to
embrace Al technologies and maintain healthier digital boundaries. Thus, while Al
monitoring can increase operational efficiency, its psychological risks, particularly those
related to privacy and autonomy, must be carefully managed. Organisations that
prioritise open communication and employee empowerment are better positioned to

balance technological control with the preservation of employee well-being.

Cluster 5: Emotional Wellness

This cluster focuses on the critical role of emotional intelligence in supporting employee
well-being within Al-integrated workplaces. Emotional intelligence, the ability to
perceive, understand, and regulate emotions, has been identified as a key personal
resource that helps employees manage workplace stress and maintain psychological
health (Nguyen et al., 2025). Prentice et al. (2019) identified that in the context of Al
adoption, where traditional work dynamics are disrupted and human-Al collaboration
introduces new emotional and cognitive demands, emotional intelligence becomes even
more vital. Pur (2015) further emphasised that employees with higher emotional
intelligence are better equipped to adapt to changes, interpret Al-driven decisions, and
navigate reduced interpersonal interaction. This adaptability serves as a psychological
buffer, mitigating the negative impact of Al-related stressors such as uncertainty,
depersonalization, and loss of control (Nguyen et al., 2025). Moreover, organisations that

invest in developing emotional intelligence through training, coaching, or leadership
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practices are more likely to foster resilient, mentally healthy workforces capable of
thriving in technologically evolving environments (Rehman et al.,, 2024). Thus,
emotional intelligence can decrease the adverse consequences of Al on worker well-
being by helping employees adapt, control stress, and maintain psychological health,

especially in disrupted work environments.

3.3  Research Gaps

To achieve the second objective, a density visualisation map was used, following the
VOSviewer's guidelines. The density visualisation map uses colour to denote research
maturity: red indicates established areas, while green signifies underexplored or
emerging fields (Chen et al., 2019). The analysis revealed no keywords in the red zone,
suggesting a lack of thoroughly investigated themes. Instead, most terms, as shown in
Figure 5, appeared in the yellow zone. This indicates areas with some existing research
but insufficient depth and maturity. Specifically, keywords such as artificial intelligence,
mental health, and employee well-being highlight emerging research gaps in the field.
Additionally, areas related to job security, automation, burnout, anxiety, workplace
stress, self-efficacy theory, AI adoption, career achievement, Al monitoring, data
privacy, workplace innovation, and emotional intelligence have been identified as
underexplored topics within the combined context of Al and employee well-being.
Furthermore, there is a notable lack of research examining how Al affects employee well-

being across diverse cultural and industrial contexts, particularly in developing countries.

3.4  Reporting Bias Assessment

Although PRISMA guidelines mandate the assessment and disclosure of reporting bias
in study outcomes, this study did not undertake such an evaluation due to the limited
number of studies per outcome. Nonetheless, findings were generated objectively using
systematic software tools, comprehensive searches of databases and grey literature, and

transparent documentation of all selection and exclusion decisions.
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Figure 7: Density Visualisation Map
Source: Analysed Data (2025)

4.0 Conclusion

The implications of Al for the modern workforce render understanding its impact on
employee well-being critically important for organisational leaders and policymakers
and essential for ethical and sustainable Al deployment. This systematic literature review
successfully achieved its two primary objectives: to identify the common knowledge
relating to employee well-being and to identify critical gaps within these concepts. The
synthesis of 23 empirical studies published between 2015 and 2025 revealed a dual
impact of Al on employee well-being. Through keyword clustering, five key thematic
categories emerged: (1) Tech-induced stress; (2) Human-machine interaction and career
fulfilment; (3) Mental resilience; (4) Digital boundaries; and (5) Emotional wellness.
These themes helped identify factors positively associated with Al and employee well-
being, such as improved work efficiency, reduced workload, personalised well-being
interventions, and supportive work environments, as well as factors contributing

negatively, including job insecurity, technostress, and anxiety.
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Based on the JD-R model, the findings reveal that Al integration in the
workplace creates a dual impact across these five themes. Al heightens job demands by
triggering tech-induced stress, reshaping human—machine interaction and career
fulfilment through role changes and skill shifts, and challenging digital boundaries due
to constant connectivity and surveillance. At the same time, Al provides job resources
that can strengthen mental resilience by enabling adaptive coping strategies, enhancing
human-machine collaboration for more meaningful work, and supporting emotional
wellness through reduced workload and improved decision-making. The interplay among
these demands and resources explains why Al adoption can simultaneously strain and
support employees' well-being, underscoring the need for organisations to reduce
excessive demands while reinforcing resources to foster sustainable psychological
health. This fragmented and developing literature highlights the critical need for
organisations to prioritise psychological safety by fostering supportive climates and
ensuring transparent Al implementation strategies. To address the study's second
objective, a density visualisation map was used to identify research gaps, revealing
underexplored areas such as job security, automation, burnout, anxiety, workplace stress,
self-efficacy theory, Al adoption, career achievement, Al monitoring, data privacy,

workplace innovation, and emotional intelligence.

4.1 Future Research Directions

The results of the density visualisation map and keyword analysis consistently highlight
substantial knowledge gaps, particularly concerning the psychological outcomes
associated with Al implementation and employee well-being. The absence of keywords
in the "red zone" signifies that no sub-topic within this domain has yet achieved research
maturity, indicating significant opportunities for future scholarly inquiry. Future research
should therefore aim to deepen theoretical grounding by integrating established models
such as the Conservation of Resources Theory, Self-Efficacy Theory, and Affective
Events Theory to provide more robust explanations for how Al influences employee
well-being. It's critical to conduct longitudinal studies to gain insights into the evolution
of employee responses to Al over time, with specific attention directed toward mediating

and moderating variables such as perceived organisational support, emotional resilience,
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and self-efficacy in Al learning. Furthermore, there is a pressing demand for context-
specific research across diverse cultures, industries, and employment sectors, particularly
within underrepresented regions like South Asia, Africa, and Latin America.
Additionally, future studies should investigate the ethical implications of Al monitoring,
address data privacy concerns, and explore the crucial role of emotional intelligence in
navigating Al-driven work environments. By systematically addressing these identified
gaps, subsequent research can significantly contribute to fostering more human-centric,

ethical, and sustainable approaches to Al integration in the workplace.

4.2 Practical Implications

The results of the study offer crucial practical guidance for governments, policymakers,
and organisations aiming to navigate the ethical integration of Al while prioritising
employee well-being. A holistic framework is essential, one that combines policy
development with human-centred strategies. It is imperative for all stakeholders to adopt
an ethical framework when introducing Al into the workplace. Governments and
policymakers should create and enforce clear regulations on issues such as data privacy,
job security, and the possibility of technostress. Concurrently, organisations must
implement these policies through a supportive work environment. At the organisational
level, a human-centred approach is vital. This involves integrating Al to act as a resource,
enhancing efficiency and reducing workload, rather than solely as a tool for increased
monitoring. Organisations should ensure transparent communication and employee
involvement while implementing to build trust and mitigate stress. Investing in targeted
training programs is also critical, as it boosts employees' digital skills and self-efficacy,
helping them adapt and thrive alongside AI. Ultimately, these measures are key to
creating sustainable, human-centred workplaces that prioritise the well-being and

engagement of every employee.

497



Vol 7 No 1 (2026) E-ISSN: 2735-1009

Author Contributions Statement: The author solely conceived the study, designed the
methodology, conducted the literature review, analysed and interpreted the findings, and

prepared the manuscript.

Funding Statement: No financial assistance was obtained for the development of this

manuscript.

Informed Consent Statement: The present review used secondary data from existing literature;

hence, informed consent was not needed.

Data Availability Statement: Not applicable.

Acknowledgement: The author expresses gratitude to the editors and anonymous reviewers of

the International Journal of Management, Finance and Accounting.

Contflict of Interest Statement: The author states that there are no potential conflicts of interest

related to this work.

498



Vol 7 No 1 (2026) E-ISSN: 2735-1009
References

Abusalma, A. (2021). The effect of implementing artificial intelligence on job
performance in commercial banks of Jordan. Management Science Letters, 2061—

2070. https://doi.org/10.5267/j.ms1.2021.3.003

Ali, T., Hussain, 1., Hassan, S., & Anwer, S. (2024). Examine how the rise of Al and
automation affects job security, stress levels, and mental health in the workplace.
Bulletin ~ of Business and  Economics (BBE), 13(2), 1180-1186.
https://doi.org/10.61506/01.00506

Angelova, M. (2024). Pros and cons of using algorithmic management in human
resource. Environment Technology Resources Proceedings of the International
Scientific and Practical Conference, 2, 22-28.
https://doi.org/10.17770/etr2024vo0l2.8031

Arboh, F., Zhu, X., Atingabili, S., Yeboah, E., & Drokow, E. K. (2025). From fear to
empowerment: the impact of employees Al awareness on workplace well-being—a
new insight from the JD-R model. Journal of Health Organization and
Management. https://doi.org/10.1108/JHOM-06-2024-0229

Arboh, F., Zhu, X., Atingabili, S., Yeboah, E., & Drokow, E. K. (2025). From fear to
empowerment: the impact of employees Al awareness on workplace well-being —
a new insight from the JD-R model. Journal of Health Organization and
Management. https://doi.org/10.1108/jhom-06-2024-0229

Arifin, S. R. M. (2018). Ethical considerations in qualitative study. International Journal
of Care Scholars, 1(2), 30-33. https://doi.org/10.31436/ijcs.v1i2.82

Aulia, S. R., & Lin, W. S. (2025). Embracing the digital shift: Leveraging Al to foster
employee well-being and engagement in remote workplace settings in the Asia
Pacific  region. Asia  Pacific  Management  Review, 30(3),  100339.
https://doi.org/10.1016/j.apmrv.2024.12.003

Bakker, A. B., Demerouti, E., & Sanz-Vergel, A. (2022). Job Demands—Resources
Theory: Ten years later. Annual Review of Organizational Psychology and

499


https://doi.org/10.5267/j.msl.2021.3.003
https://doi.org/10.61506/01.00506
https://doi.org/10.17770/etr2024vol2.8031
https://doi.org/10.1108/JHOM-06-2024-0229
https://doi.org/10.1108/jhom-06-2024-0229
https://doi.org/10.31436/ijcs.v1i2.82
https://doi.org/10.1016/j.apmrv.2024.12.003

Vol 7 No 1 (2026) E-ISSN: 2735-1009

Organizational Behavior, 10(1),25-53. https://doi.org/10.1146/annurev-orgpsych-
120920-053933

Boddington, P. (2017). Towards a code of ethics for artificial intelligence. Springer.

Chen, C., Wang, C., Bai, X., Zhang, P., & Li, C. (2019). GenerativeMap: Visualization
and exploration of dynamic density maps via Generative Learning Model. /[EEE

Transactions on Visualization and Computer Graphics, 1.

https://doi.org/10.1109/tvcg.2019.2934806

Christian, B. (2021). The alignment problem: machine learning and human values.
Perspectives on  Science and  Christian  Faith, 73(4), 245-247.
https://doi.org/10.56315/psct12-21christian

Dhand, S., Pandey, A., Mishra, S., Sharma, K., Kadanga, A., Rawat, A., Kumari, V.,
Yadav, M., & Chand, B. (2025). Role of Artificial Intelligence in Enhancing
Employee Well-Being at the Workplace. In Advances in Computational
Intelligence and Robotics book series (pp. 25—46). https://doi.org/10.4018/979-8-
3373-1270-5.ch002

Dwivedi, Y. K., Hughes, L., Ismagilova, E., Aarts, G., Coombs, C., Crick, T., Duan, Y.,
Dwivedi, R., Edwards, J., Eirug, A., Galanos, V., Ilavarasan, P. V., Janssen, M.,
Jones, P., Kar, A. K., Kizgin, H., Kronemann, B., Lal, B., Lucini, B., Williams, M.
D. (2019). Artificial Intelligence (AI): Multidisciplinary perspectives on emerging
challenges, opportunities, and agenda for research, practice and policy.
International  Journal  of  Information  Management, 57, 101994,
https://doi.org/10.1016/].1jinfomgt.2019.08.002

Emilisa, N., Istigomah, N., & Adiwijaya, E. (2023). Job satisfaction, perception of
corporate social responsibility, organizational trust, artificial intelligence,
employee performance of employees at RS An-Nisa Group in Tangerang.

Journal of Economic and Islam, 5(3), 1090-1104.

Farzana, R., & Liu, X. (2024). The impact of artificial intelligence opportunities and the
perceived risk of unemployment on employee workplace Well-Being. American

Journal of Management, 24(4). https://doi.org/10.33423/ajm.v24i4.7442

500


https://doi.org/10.1146/annurev-orgpsych-120920-053933
https://doi.org/10.1146/annurev-orgpsych-120920-053933
https://doi.org/10.1109/tvcg.2019.2934806
https://doi.org/10.56315/pscf12-21christian
https://doi.org/10.4018/979-8-3373-1270-5.ch002
https://doi.org/10.4018/979-8-3373-1270-5.ch002
https://doi.org/10.1016/j.ijinfomgt.2019.08.002

Vol 7 No 1 (2026) E-ISSN: 2735-1009

Frey, C. B., & Osborne, M. A. (2016). The future of employment: How susceptible are
jobs to computerisation? Technological Forecasting and Social Change, 114,254—
280. https://doi.org/10.1016/j.techfore.2016.08.019

Ghose, Dr. S., Shaikh, Dr. M., Ahmad, Dr. 1., Arora, A. S., Vadi, Dr. V. R., & Amin, S.
(2024). Advancing organizational effectiveness: understanding the influence of
360-degree feedback, organizational climate and job satisfaction on employee
performance through Al integration. European  Economic  Letters.

https://doi.org/10.52783/eel.v14i4.2171

Gill, A., Mathur, A., & Bhadouria, S. S. (2024). Investigating Emotional Intelligence and
Employees” Well-Being in an Al-Enhanced Workplace. International Journal of

Management and Humanities, 10(9), 1-7.
https://doi.org/10.35940/ijmh.i11709.10090524

Guares, A. (2025). The impact of sustainable practices on employee well-being and
organizational success. Brazilian Journal of Development, 11(2), €77296.

https://doi.org/10.34117/bjdv11n2-013

Gull, A., Ashfaq, J., & Aslam, M. (2023). Al in the workplace: uncovering its impact on
employee well-being and the role of cognitive job insecurity. International Journal

of Business and Economic Affairs, 8(4). https://doi.org/10.24088/ijbea-2023-84007

Han, S., & Yang, H. (2018). Understanding adoption of intelligent personal assistants.
Industrial ~ Management & Data Systems, 118(3), 618-636.
https://doi.org/10.1108/imds-05-2017-0214

Havaei, F., Ji, X. R., MacPhee, M., & Straight, H. (2021). Identifying the most important
workplace factors in predicting nurse mental health using machine learning

techniques. BMC Nursing, 20(1). https://doi.org/10.1186/s12912-021-00742-9

Hornung, O., & Smolnik, S. (2021). Al invading the workplace: negative emotions
towards the organizational use of personal virtual assistants. Electronic Markets,

32(1), 123—-138. https://doi.org/10.1007/s12525-021-00493-0

Huo, W., Li, Q., Liang, B., Wang, Y., & Li, X. (2025). When healthcare professionals
use Al: exploring Work Well-Being through Psychological needs satisfaction and

501


https://doi.org/10.1016/j.techfore.2016.08.019
https://doi.org/10.52783/eel.v14i4.2171
https://doi.org/10.34117/bjdv11n2-013
https://doi.org/10.24088/ijbea-2023-84007
https://doi.org/10.1108/imds-05-2017-0214
https://doi.org/10.1186/s12912-021-00742-9
https://doi.org/10.1007/s12525-021-00493-0

Vol 7 No 1 (2026) E-ISSN: 2735-1009

job complexity. Behavioral Sciences, 15(1), 88.
https://doi.org/10.3390/bs15010088

Husaeni, D. F. A., & Nandiyanto, A. B. D. (2021). Bibliometric Using Vosviewer with
Publish or Perish (using Google Scholar data): From step-by-step processing for
users to the practical examples in the analysis of digital learning articles in pre and
post covid-19 pandemic. ASEAN Journal of Science and Engineering, 2(1), 19—46.
https://doi.org/10.17509/ajse.v2i1.37368

Jangid, A. (2024). Al and employee wellbeing: how artificial intelligence can monitor
and improve mental health in the workplace. International Journal of Advanced
Research, 12(10), 743-764. Retrieved from
https://www journalijar.com/uploads/2024/10/672c672959487 1JAR-48704.pdf

Jarrahi, M. H., Kenyon, S., Brown, A., Donahue, C., & Wicher, C. (2022). Artificial
intelligence: a strategy to harness its power through organizational learning. ournal

of Business Strategy, 44(3), 126—135. https://doi.org/10.1108/jbs-11-2021-0182

Kambur, E. (2015). Emotional intelligence or artificial intelligence?: Emotional artificial
intelligence. Florya Chronicles of Political Economy, 7(2), 147-168.
https://doi.org/10.17932/iau.fcpe.2015.010/fcpe_v0712004

Khan, M. A., Ahmad, S., El-Affendi, M. A., Zaka, R., Mahmood, S., & Jehangir, M.
(2022). Predicting mental health of best human capital for sustainable organization
through psychological and personality health issues: shift from traditional to novel
machine learning-supervised technique approach. BioMed Research International,

2022, 1-9. https://doi.org/10.1155/2022/5775640

Kim, B., & Lee, J. (2024). The mental health implications of artificial intelligence
adoption: the crucial role of self-efficacy. Humanities and Social Sciences

Communications, 11(1). https://doi.org/10.1057/s41599-024-04018-w

Mirbabaie, M., Briinker, F., Frick, N. R. J. M., & Stieglitz, S. (2021). The rise of artificial
intelligence — understanding the Al identity threat at the workplace. Electronic

Markets, 32(1), 73-99. https://doi.org/10.1007/s12525-021-00496-x

502


https://doi.org/10.17509/ajse.v2i1.37368
https://www.journalijar.com/uploads/2024/10/672c672959487_IJAR-48704.pdf
https://doi.org/10.1108/jbs-11-2021-0182
https://doi.org/10.17932/iau.fcpe.2015.010/fcpe_v07i2004
https://doi.org/10.1057/s41599-024-04018-w
https://doi.org/10.1007/s12525-021-00496-x

Vol 7 No 1 (2026) E-ISSN: 2735-1009

Mittal, S., Wijethilak, H. P. G. D., & Chandel, A. (2024). Effectiveness of AI-Powered
Wellness in promoting employee wellbeing and happiness. In Advances in Human

Resources Management and Organisational Development book series (pp. 87—

108). https://doi.org/10.4018/979-8-3693-2939-9.ch005

Morandini, S., Fraboni, F., De Angelis, M., Puzzo, G., Giusino, D., & Pietrantoni, L.
(2023). The impact of artificial intelligence on workers’ skills: upskilling and
reskilling in organisations. Informing Science the International Journal of an

Emerging Transdiscipline, 26, 039—068. https://doi.org/10.28945/5078

Murdoch, B. (2021). Privacy and artificial intelligence: challenges for protecting health
information in a new era. BMC  Medical  Ethics, 22(1).
https://doi.org/10.1186/s12910-021-00687-3

Nagbi, H. A., Bahroun, Z., & Ahmed, V. (2024). Enhancing work productivity through
generative artificial intelligence: a comprehensive literature review. Sustainability,

16(3), 1166. https://doi.org/10.3390/su16031166

Nguyen, M., Trinh, N., Mehrotra, A., & Basahel, S. (2025). Generative Al in the
workplace: how employee experiences influence work outcomes? Journal of

Enterprise Information Management. https://doi.org/10.1108/jeim-11-2024-0637

Page, M. J., McKenzie, J. E., Bossuyt, P. M., Boutron, 1., Hoffmann, T. C., Mulrow, C.
D., Shamseer, L., Tetzlaff, J. M., Akl, E. A., Brennan, S. E., Chou, R., Glanville,
J., Grimshaw, J. M., Hrébjartsson, A., Lalu, M. M., L1, T., Loder, E. W., Mayo-
Wilson, E., McDonald, S., Moher, D. (2021). The PRISMA 2020 statement: an
updated guideline for reporting systematic reviews. BMJ, n7l.

https://doi.org/10.1136/bmj.n71

Perera, K. a. V. U. (2025). Influence on employee productivity and job satisfaction in the
dynamics of human-ai collaboration in modern work environments among service
sector organizations in Sri Lanka. International Journal of Contemporary Business

Research, 3(2), 279-302. https://doi.org/10.4038/ijcbr.v3i2.25

Popay, J., Roberts, H., Sowden, A., Petticrew, M., Arai, L., Rodgers, M., & Britten, N.

(2006). Guidance on the conduct of narrative synthesis in Systematic Reviews. a

503


https://doi.org/10.4018/979-8-3693-2939-9.ch005
https://doi.org/10.28945/5078
https://doi.org/10.1186/s12910-021-00687-3
https://doi.org/10.3390/su16031166
https://doi.org/10.1108/jeim-11-2024-0637
https://doi.org/10.1136/bmj.n71
https://doi.org/10.4038/ijcbr.v3i2.25

Vol 7 No 1 (2026) E-ISSN: 2735-1009

product from the ESRC Methods Programme. Version 1. In ESRC Methods
Programme. https://doi.org/10.13140/2.1.1018.4643

Pradhan, R. K., & Hati, L. (2019). The measurement of employee well-being:
development and validation of a scale. Global Business Review, 23(2), 385—407.
https://doi.org/10.1177/0972150919859101

Priyashantha, G., & Chandradasa, A. I. (2023). Electronic human resource management
(e-HRM) adoption; a systematic literature review. Sri Lanka Journal of Social

Sciences, 46(1), 19-37. https://doi.org/10.4038/sljss.v4611.8573

Priyashantha, K., De Alwis, A. C., & Welmilla, 1. (2022). Disruptive human resource
management technologies: a systematic literature review. European Journal of

Management and Business Economics, 33(1), 116-136.
https://doi.org/10.1108/ejmbe-01-2022-0018

Rehman, M., Dhiman, B., & Cheema, G. S. (2024). Minds and machines: impact of
emotional intelligence on investment decisions with mediating the role of artificial

intelligence. International Journal of Engineering Business and Management, 8(1),

01-10. https://doi.org/10.22161/ijebm.8.1.1

Rhee, T., & Jin, X. (2021). The effect of job anxiety of replacement by artificial
intelligence on organizational members’ job satisfaction in the 4th Industrial
Revolution era: The Moderating Effect of Job uncertainty. Journal of Digital
Convergence, 19(7), 1-9. https://doi.org/10.14400/jdc.2021.19.7.001

Sathish, A. S., Rajkumar, V. S., Vijay, V., & Kathiravan, C. (2024). The significance of
artificial intelligence in career progression and career pathway development. In

CRC Press eBooks (pp. 28-41). https://doi.org/10.1201/9781003440901-2

Saxena, A. K., Ness, S., & Khinvasara, T. (2024). The influence of Al: The revolutionary
effects of artificial intelligence in healthcare sector. Journal of Engineering

Research and Reports, 26(3), 49-62. https://doi.org/10.9734/jerr/2024/v26131092

Sharif, S. P., Mura, P., & Wijesinghe, S. N. R. (2018). Systematic reviews in asia:
introducing the “PRISMA” Protocol to tourism and hospitality scholars. In

504


https://doi.org/10.13140/2.1.1018.4643
https://doi.org/10.1177/0972150919859101
https://doi.org/10.4038/sljss.v46i1.8573
https://doi.org/10.1108/ejmbe-01-2022-0018
https://doi.org/10.22161/ijebm.8.1.1
https://doi.org/10.14400/jdc.2021.19.7.001
https://doi.org/10.1201/9781003440901-2
https://doi.org/10.9734/jerr/2024/v26i31092

Vol 7 No 1 (2026) E-ISSN: 2735-1009

Perspectives on Asian tourism (pp. 13-33). https://doi.org/10.1007/978-981-13-
2463-5 2

Soomro, S., Fan, M., Sohu, J. M., Soomro, S., & Shaikh, S. N. (2024). Al adoption: a
bridge or a barrier? The moderating role of organizational support in the path

toward employee well-being. Kybernetes. https://doi.org/10.1108/k-07-2024-1889

Viskova-Robertson, A. (2024). The Al Effect: Transforming Workplace Well-Being? An
Empirical Insight through Socio-Technical Frame. Academy of Management

Proceedings, 2024(1). https://doi.org/10.5465/amproc.2024.15557abstract

Wei, W., & Li, L. (2022). The impact of artificial intelligence on the mental health of
manufacturing workers: the mediating role of overtime work and the work

environment. Frontiers in Public Health, 10.

https://doi.org/10.3389/fpubh.2022.862407

Wilkens, U. (2020). Artificial intelligence in the workplace — A double-edged sword.
International Journal of Information and Learning Technology, 37(5), 253-265.
https://doi.org/10.1108/ijilt-02-2020-0022

Xu, J., Tang, X., Chang, E., & Peng, H. (2024). Working with Al: the impact of
organizational intelligent service strategy on employees’ perception of career
achievement. Humanities and Social Sciences Communications, 11(1).

https://doi.org/10.1057/s41599-024-03265-1

Zafar, M. B., Valera, 1., Rodriguez, M. G., & Gummadi, K. P. (2015, January 1). Fairness
Constraints: a mechanism for fair Classification.

http://pubman.mpdl.mpg.de/pubman/item/escidoc:2247058

505


https://doi.org/10.1007/978-981-13-2463-5_2
https://doi.org/10.1007/978-981-13-2463-5_2
https://doi.org/10.1108/k-07-2024-1889
https://doi.org/10.5465/amproc.2024.15557abstract
https://doi.org/10.3389/fpubh.2022.862407
https://doi.org/10.1108/ijilt-02-2020-0022
https://doi.org/10.1057/s41599-024-03265-1
http://pubman.mpdl.mpg.de/pubman/item/escidoc:2247058

